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Introduction

∼1.5% of U.S. GDP dedicated to encouraging contributions to retirement savings plans

▶ Employers: contribute $240bn to DC plans, largely by ‘matching’ employee contributions
▶ Government: $200bn tax expenditure on DC plans (OTA’23)

This institutional design benefits those who can and do save more for retirement

We link newly-collected data on employer retirement plans to administrative data to study
the distributional impact of these incentives

Focus on difference in receipt of saving incentives by i) race ii) parental background

▶ Mostly focus on differences holding income (and therefore ≈ Social Security) constant



Introduction

∼1.5% of U.S. GDP dedicated to encouraging contributions to retirement savings plans

▶ Employers: contribute $240bn to DC plans, largely by ‘matching’ employee contributions
▶ Government: $200bn tax expenditure on DC plans (OTA’23)

This institutional design benefits those who can and do save more for retirement

We link newly-collected data on employer retirement plans to administrative data to study
the distributional impact of these incentives

Focus on difference in receipt of saving incentives by i) race ii) parental background

▶ Mostly focus on differences holding income (and therefore ≈ Social Security) constant



Introduction

∼1.5% of U.S. GDP dedicated to encouraging contributions to retirement savings plans

▶ Employers: contribute $240bn to DC plans, largely by ‘matching’ employee contributions
▶ Government: $200bn tax expenditure on DC plans (OTA’23)

This institutional design benefits those who can and do save more for retirement

We link newly-collected data on employer retirement plans to administrative data to study
the distributional impact of these incentives

Focus on difference in receipt of saving incentives by i) race ii) parental background

▶ Mostly focus on differences holding income (and therefore ≈ Social Security) constant



Introduction

∼1.5% of U.S. GDP dedicated to encouraging contributions to retirement savings plans

▶ Employers: contribute $240bn to DC plans, largely by ‘matching’ employee contributions
▶ Government: $200bn tax expenditure on DC plans (OTA’23)

This institutional design benefits those who can and do save more for retirement

We link newly-collected data on employer retirement plans to administrative data to study
the distributional impact of these incentives

Focus on difference in receipt of saving incentives by i) race ii) parental background

▶ Mostly focus on differences holding income (and therefore ≈ Social Security) constant



Introduction

Q: How do retirement incentives contribute to
wealth inequality by race and parental income?

Important channel for wealth inequality:

1. Retirement wealth is households’ 2nd largest asset class (FRB ’22)

2. One of best investments going (mean match on first dollar of saving is over 60 cents)...

3. ... yet many do not take full advantage of this incentive (avg. forego ≈ 1.7% of salary)
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Introduction

Subsidies for DC retirement saving have two effects:

Behavioral responses:

▶ Small to insignificant behavioral responses to these incentives (Choi, 2015; Friedman, 2015)

▶ Mainly shifts the location of existing savings (Chetty et al., 2014; Choukhmane and Palmer, 2023)

Mechanical effect:

▶ Large transfer of > $400bn annually ...
▶ ... yet has received less attention in the literature
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Data: Primary sample contains

Survey and administrative employee data on earnings and retirement saving decisions

▶ American Community Survey, 2001-2019: Race, education, location, occupation

▶ Tax data, 2005-2020: Taxable earnings, deferred compensation, early withdrawals

New employer data on retirement plan characteristics

▶ Firms must submit narrative descriptions of their retirement plans with regulatory Form 5500

Handcode the details in 6,000 plans (the largest 5,000 and a random sample of 1,000 of the
remainder) ....
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Gaps in saving by race and parental income are large

(a) Average DC Contrib. Rate, by race
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(b) Average DC Contrib. Rate, by parental income
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Employer matching amplifies these gaps

(a) Average Employee + Match DC Contrib.
Rate, by race
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(b) Average Employee + Match DC Contrib.
Rate, by parental income
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Implication: Gaps in Matching Comp. > than in Labor Earnings

(a) Income and matching gaps by race
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The kids of the rich save more
We’ve shown that the kids of the rich save more (Charles & Hurst, 2003)

Regress own saving on parental income (and own income, education, firm):
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Differences by race in parental income
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Household and parental income further mediate savings gaps
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Richer parents insure their kids’ shocks(Fagereng et al. (2023))

Kids of poorer parents use wealth to insure their parents (Francis and Weller (2022))
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Early withdrawals

Early withdrawals reduce the benefit from retirement saving incentives ...

▶ Forego the long-term tax benefit of tax-free growth

▶ Often subject to tax penalties

▶ Loose employer match if not fully vested

Early withdrawals are very common:
▶ Coyne et al. (2022): 10% aged 40-59 take a penalized withdrawal in a given year
▶ Goodman et al. (2021): Between 2003 and 2015 early withdrawals ≈ 22% of contributions

Note in following, we do not know whether withdrawals were penalized
▶ Unpenalized hardship withdrawals permitted in some circumstances
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Early withdrawals gaps are large ...
Probability of Early Withdrawal (%), by race and parental income
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... and largest for those with big income falls
Probability of Early Withdrawal (%), by income growth
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The role of liquidity constraints

Penalized withdrawals reveal a preference for liquidity Coyne, Fadlon, Porzio (2022)

▶ Suggestive of liquidity constraints binding more for Black Americans than White and
Hispanic Americans see also Ganong et al. (2020) ...

▶ ... and for those with lower-income parents

Illiquidity of DC plans may deter participation and lower contribution rates ex-ante,
preventing HHs from capturing lucrative match Briere, Poterba & Szafarz, 2022

▶ Potential gains from simple plan design changes:

⋆ Loan policies, especially post-separation
(Mitchell, Utkus, & Yang, 2007 ⇒ loans linked w/ ⇑ contribution rates)
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Distributional Analysis of the Retirement Saving Subsidies

Long tradition of distributional analysis of the retirement systems

(Diamond,’77, Kotlikoff et al., ’82; Moser and Olea de Souza ’19)

Regressive subsidies for private saving...

... balanced by progressive social security
& income-based non-discrimination testing

Problem: focus only on income may miss important distributional aspects
Other dimensions matter for subsidies take-up and are not undone by Social Security

Example: gaps by household structure & education
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A Microsimulation Model

What we do:

1. Simulate whole lifecycles by patching together partial lifeycles

2. Bring together data on flows with:
⋆ Model of taxation (TAXSIM) and Social Security

⋆ Assumptions on portfolio composition, asset returns, withdrawals

What we get:

▶ DC wealth: Discounted value of after-tax withdrawals, divided into shares arising from:

1. Employee contributions

2. Employer matches

3. Tax expenditure

▶ Broader measure of consumption in retirement which includes Social Security
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Cumulative effects of match and tax are large
Between 40% and 50% of DC wealth
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Adding distributional analysis of the tax expenditure

(a) Income and matching gaps by race
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A counterfactual reallocation of subsidies for savers

We study a counterfactual reallocation which. . .

. . . breaks the link between compensation and saving

. . . is budget-neutral for the firm and revenue-neutral for the government

In this counterfactual:

1. Firms re-allocate existing matching dollars in proportion to earnings

2. Government allocates tax expenditure in proportion to lifetime earnings
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Conclusion

If the existing federal asset-promotion budget were allocated in a more progressive
manner, federal policies would go a long way toward eliminating racial disparities and
building an inclusive economy for all Americans.

Hamilton and Darity (2017)

Retirement saving incentives are a large part of the US asset-promotion budget

▶ We find their mechanical effect accounts for > 40% of DC wealth

▶ Budget-neutral reforms could close ∼1/3 of DC wealth gaps by race/parental income

More broadly, distributional analysis should look beyond income
▶ Differences by income understate the system’s regressivity

▶ Current institutional design amplifies racial wealth inequality & intergenerational persistence
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Behavioral Response

Match rates, effect on participation:

Papke (1995) and Kusko et al. (1998) find close to no response

Choi et al. (2002) find 3.5pp increase in participation when match ↑ by 25pp

Duflo et al (2006): match rate (in RCT) going from 0% to 50% increases take-up by 11pp

Plan changes, contributions:

Kusko et al. (1998) find very small changes in saving to huge changes in match

Duflo et al (2006): RCT finds increase from 22to150 as match goes from 0% to 100%

In interpreting these results:

Choukhmane and Palmer (2023) estimate that two-thirds of increased employee pension
contributions after UK reform are crowd out other savings

Effects in longer run could be larger as role of inertia fades
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Also find large gaps by education and family structure

(a) Employee + Match Contrib. Rate, by Education
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Distributional Incidence of Subsidies, by Race
By Own Group Quintiles
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Also find large gaps by education and family structure
(a) Employee + Match Contrib. Rate, by Education
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(c) Early withdrawal rate, by Education
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(d) Early withdrawal rate, by Household Composition
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Combined counterfactual with behavioral response, by race

Assume for each dollar of incentive removed 10c less employer saving done

Back



Combined counterfactual with behavioral response, by race

Assume for each dollar of incentive removed 30c less employer saving done

Back



Combined cf with behavioral response, by parental inc.
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Intensive and Extensive Margins by Race

Figure: Participation
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Figure: Contributions for Participators
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Intensive and Extensive Margins by Parent Income

Figure: Participation
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Figure: Contributions for Participators
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Racial Distribution Reweight - Employee + Match Contrib.
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Racial Distribution Reweight - Early Withdrawals
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Alternative mechanisms that have little impact on racial gaps

Perhaps surprisingly, we found little impact on gaps from the following exercises:

1. Access / generosity of DC plan: given income & other indiv. characteristics ...

▶ ... small differences in availability of DC plans across racial groups ✗

▶ ... employer FE have little impact on racial contribution gaps ✗

2. Auto-enrollment matters for level of contributions but does not change size of gaps ✗

3. Proxies for financial literacy / awareness

▶ Occupation FE ✗

▶ Parental participation in 401(k) ✗
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Contribution & Early Withdrawal Gaps by Parent Income Deciles
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Also find large gaps by education and family structure
(a) Employee + Match Contrib. Rate, by Education
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(b) Employee + Match Contrib. Rate, by Household composition
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(c) Early withdrawal rate, by Education
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(d) Early withdrawal rate, by Household Composition
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Cont. of tax and employer match to wealth, by parent inc.
By Group Quintiles
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Contributions of tax and employer match to wealth, by race
By Race Quintiles
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‘Combined’ Counterfactual, By Race
By race quintiles
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‘Combined’ Counterfactual, By Parental Income
By group quintiles
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