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Identifies factors that contribute to geographic dispersion in Social Security Disability
Insurance (DI)

Develops structural model of work / DI decision to estimate counterfactual DI
dispersions under different county-level health, income, and price levels

“What is it about a location that drives DI outcomes?”

- Local health characteristic account for 45% of DI variation
- Local earnings account for 36%
- Local living costs account for 19%

“Are DI payments highest in areas where they are valued most?”
- Yes

But could we do even better?

- Yes
- Welfare optimal local replacement rates would redistribute towards low-receipt counties
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Figure 4: Correlates with Beneficiary Rates over 1995-2016.



What characteristics explain the geographic dispersion in DI?

- Recommendation: Complement raw correlations (Figure 4) with linear regressions
showing how much different factors explain county-level variation in DI rates



What characteristics explain the geographic dispersion in DI?

- Recommendation: Complement raw correlations (Figure 4) with linear regressions
showing how much different factors explain county-level variation in DI rates
- There is probably some variation in DI not explained by mortality, wages, and, prices
- What is the partial R? of these and other factors, with and without state fixed effects?



What characteristics explain the geographic dispersion in DI?

- Recommendation: Complement raw correlations (Figure 4) with linear regressions
showing how much different factors explain county-level variation in DI rates

- There is probably some variation in DI not explained by mortality, wages, and, prices
- What is the partial R? of these and other factors, with and without state fixed effects?

- What other factors might explain residual county-level variation in DI rates?
- Local employment opportunities
- Amenities/characteristics of local employment opportunities
- Variation in health not captured by mortality rates
- Within-state variation in disability determinations (i.e., states with multiple DDS offices)
- Knowledge of, and ability to navigate, the DI program



What characteristics explain the geographic dispersion in DI?

- Recommendation: Complement raw correlations (Figure 4) with linear regressions
showing how much different factors explain county-level variation in DI rates

- There is probably some variation in DI not explained by mortality, wages, and, prices
- What is the partial R? of these and other factors, with and without state fixed effects?

- What other factors might explain residual county-level variation in DI rates?
- Local employment opportunities
- Amenities/characteristics of local employment opportunities

- Variation in health not captured by mortality rates
- Within-state variation in disability determinations (i.e., states with multiple DDS offices)

- Knowledge of, and ability to navigate, the DI program

- Additional evidence that migration is not related to the value of DI
- Where is figure showing relationship between housing price index and DI (p. 13)?
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- Good robustness check; consider adding a line of best fit
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Figure 13: Optimal place-based replacement rate relative to the current program generosity.

This replacement rate is really the number of dollars spent per recipient relative to the
average wage in the county. Notice that the largest increases in payment are among the lowest
receipt counties. There we are adjusting it upwards in and increasing both the number of recipients
who will find it attractive to apply and the program’s generosity.



Optimal place-based replacement rate

Optimall
Data

45

4

Replacement Rate

35

01
Award Rate

Figure 13: Optimal place-based replacement rate relative to the current program generosity.

This replacement rate is really the number of dollars spent per recipient relative to the
average wage in the county. Notice that the largest increases in payment are among the lowest
receipt counties. There we are adjusting it upwards in and increasing both the number of recipients
who will find it attractive to apply and the program’s generosity.

- Is it possible to add histograms showing the distribution of award rates under the
current regime (“data”) and under the optimal place-based replacement rate?
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- Also relates to this sentence from your intro: “The overall size of DI and the degree of
dispersion results in estimated local welfare effects that are much larger than for
specific place-based policies or state transfer programs” (Colas et al., 2021)

- But where are these comparisons in the paper?
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Annual SSDI, SSI, and Workers’ Comp Payments (to Adults) Over Time
Annual Benefits Paid to Disabled Adults By Program
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Veterans’ Affairs Disability Compensation (VADC) will soon exceed DI
Annual Benefits Paid to Disabled Adults By Program
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VADC per veteran (including Os) now 10x higher than DI per worker
Annual Benefits Paid Per Eligible Adult Beneficiary
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Any VADC receipt among vets 8x higher than DI receipt among adults
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Density

Figure 1 from Michaud, Moore, and Wiczer: Distribution of VADC Beneficiaries per 17-64
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The unit of observation is the county. VADC beneficiaries per county obtained from VA Disability Compensation Recipients
by County, FY 2023. Veteran population by county obtained from VA Veteran County-Level Population Table, FY 2023.
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VADC receipt is even higher among younger veterans
Distribution of VADC Beneficiaries per Veteran Population (2023)
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But growth in VADC is not explained by combat deployments to Irag and Afghanistan, or
changes in who joins the military (Bruhn et al., 2024)
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Figure 2 from Michaud, Moore, and Wiczer: Share of
DI Beneficiaries (1996-2014)
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Figure 3 from Michaud, Moore, and Wiczer: DI
Beneficiaries per Adult age 18-64 (1995-2016)
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Figure 3 from Michaud, Moore, and Wiczer: DI
Beneficiaries per Adult age 18-64 (1995-2016)
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- Local economic conditions and living costs should have less impact on VADC than DI

DI and VADC may be on different ends of the insurance coverage spectrum

- DI appears to inadequately insure against health risks in many counties
- Underinsurance of VADC is probably less common
- VADC may help us understand disability programs with fewer barriers to entry
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Email: kyle.greenberg@westpoint.edu



