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 Income Growth has NOT been Inclusive 
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 Little Lifetime Mobility 
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Figure 10 – Life-Cycle Earnings Growth Rates, by Lifetime Earnings Group
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Income Growth from Pooled Regression

simulated sample experiences (on average) a rise of this magnitude from ages 25 to 55.
Is this implication consistent with what we see in the data? In other words, if we rank
male workers by their lifetime earnings, does the median worker in the United States
experience an earnings growth of approximately 154%?

To answer this question, we begin by computing lifetime earnings for each individual
as follows. We rank individuals based on their lifetime earnings, computed by summing
their earnings from ages 25 through 60. Earnings observations lower than Ymin,t are set
to this threshold. For individuals in a given lifetime earnings (hereafter, LE) percentile
group, denoted LEj, j = 1, 2, ..., 99, 100, we compute growth in average earnings between
any two ages h1 and h2 as log(Y

h2,j) � log(Y
h1,j), where Y

h,j

⌘ E(Y i

h

|i 2 LEj) and Y

i

h

for a given individual may be zero.

Figure 10 plots the results for h1 = 25 and h2 = 55. There are several takeaways.
First, individuals in the median LE group experience a growth rate of 60%, slightly more
than one-third of what was predicted by the profile in Figure 9. Second, we have to
look above LE80 to find an average growth rate of 154%. However, earnings growth
is very high for high-LE individuals, with those in the 95th percentile experiencing a
growth rate of 380% and those in the 99th percentile experiencing a massive growth rate
of 2600%. Although some of this variation could be expected because individuals with
high earnings growth are more likely to have high lifetime earnings, these magnitudes
are too large to be accounted for by that channel, as we show below.

22

Life-Cycle Earnings Growth Rates 
Guvenen, Karahan, Ozkan, and Song (2016) 
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Key Lesson 

Important role for institutions, tax policy, education, financial  
 
and labor market regulations.  
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Rise in Family Instability: The Negative  
Feedback Loop 
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Rise in Single Motherhood 
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Key Lesson 

Any strategy to improve mobility must include the family  
 
contexts into which children are born and raised. 
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 A Few Other Observations 
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 Unemployment Risk Highly Uneven 

  



13 

Data: CPS 
 

Unemployment risk higher for low-wage workers 
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 Decline in Entrepreneurship 

  



Startup rate decline in U.S. 1979-2012
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Employment share by size and age, 1987-1991
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Employment share by size and age, 1992-1996
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Employment share by size and age, 1997-2001
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Employment share by size and age, 2002-2006
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Employment share by size and age, 2007-2011
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 What is Next? 
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We need to have a complete picture of: 
§  labor market experience (earnings, unemployment, employers) 
§  family structure 
§  household balance sheet 
§  consumption 
§  wealth 

of households in the economy 
 
Lot of progress in gathering data about the dispersion of economic 
outcomes  
 
§  NYFED: Consumer Credit Panel (CCP), Survey of Consumer 

Expectations (SCE), TCB’s HWOL Vacancy Data  
 

 

Data  
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We need to develop models with differences in  
 
§  labor market experience (earnings, unemployment, employers) 
§  family structure 
§  balance sheet 
§  consumption and wealth 
to better understand  
§  how aggregate stabilization policies affect different types of 

households 
§  how more targeted policies could be developed 
 
Lot of progress in developing heterogenous-agent models with realistic 
features 
     - labor supply considerations 
     - bringing consumer and firm heterogeneity together 

     
 

Models 


