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Outline

• Macroeconomics and inequality
• Examples of inequality in society and in our lives
• A case study: inequality and non participation among US men
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Income per capita

• Each year/quarter residents of a country creates value (e.g. cars, books,
haircuts) which translate into income

• For example, on average, in 2010 each person in the US received around
$60k of Gross Domestic Product (GDP)

• Many macroeconomists study the evolution of this income over time
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US Real GDP per Capita: 1947-2018
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Income and Inequality

• Income inequality measures focuses on how income is distributed across
households/persons

• For example in 2017 10% of US households made less than 14,000$ of
income, and 10% of US households made more than $140000 of income

• Differences in income across hholds: HUGE (factor of 10 in the same
year)
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How do we measure inequality?

Simple measures of inequality: 90-10 , 50-10, 90-50 ratios, Gini Index, Shares

• 90/10 ratio =Characteristic (Income, Wealth, Happiness) of household at the top 10%
Same Char. of household at the bottom 10%

• Gini index: measure of concentration
I 1 if only one household receives has it all (income, wealth..)
I 0 if the variable is equally distributed across households

• Shares: share of var going to the top x%

• Measures Matter!
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Income Inequality at the top: top 1% share, 1914-2017
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Inequality at the bottom: poverty, 1959-2017

U.S. Census Bureau Income and Poverty in the United States: 2017 11

POVERTY IN THE 
UNITED STATES

Highlights

 • The official poverty rate in 
2017 was 12.3 percent, down 
0.4 percentage points from 
12.7 percent in 2016 (Figure 4 
and Table 3).38 This is the third 
consecutive annual decline in 
poverty. Since 2014, the pov-
erty rate has fallen 2.5 percent-
age points, from 14.8 percent to 
12.3 percent (Table B-1).

 • In 2017, there were 39.7 million 
people in poverty, not statisti-
cally different from the number 
in poverty in 2016 (Figure 4 and 
Table 3). 

38 The Office of Management and 
Budget determined the official definition 
of poverty in Statistical Policy Directive 
14. Appendix B provides a more detailed 
description of how the Census Bureau cal-
culates poverty.

 • Between 2016 and 2017, the 
poverty rate for adults aged 18 
to 64 declined 0.4 percentage 
points, from 11.6 percent to 11.2 
percent, while poverty rates 
for individuals under the age of 
18 and for people aged 65 and 
older were not statistically dif-
ferent from 2016 (Table 3 and 
Figure 6).39

 • Between 2016 and 2017, peo-
ple with at least a bachelor’s 
degree were the only group to 
have an increase in the poverty 
rate or the number of people 
in poverty. Among this group, 
the poverty rate increased 0.3 
percentage points and the 
number in poverty increased by 

39 Since unrelated individuals under 
the age of 15 are excluded from the pov-
erty universe, there were 607,000 fewer 
children in the poverty universe than 
in the total civilian noninstitutionalized 
population.

363,000 individuals between 
2016 and 2017. Even with this 
increase, among educational 
attainment groups, people with 
at least a bachelor’s degree had 
the lowest poverty rates in 2017 
(Table 3). 

 • From 2016 to 2017 the number 
of people in poverty decreased 
for people in families; people 
living in the West; people living 
outside metropolitan statistical 
areas; all workers; workers who 
worked less than full-time, year-
round; people with a disabil-
ity; people with a high school 
diploma but no college degree; 
and people with some college 
but no degree (Table 3 and 
Table 4).40

40 Individuals aged 25 and older with an 
associate degree are included in the some 
college, no degree category.

Figure 4.
Number in Poverty and Poverty Rate: 1959 to 2017

Note: The data for 2013 and beyond reflect the implementation of the redesigned income questions. The data points are placed at 
the midpoints of the respective years. For information on recessions, see Appendix A. For information on confidentiality protection, 
sampling error, nonsampling error, and definitions, see <www2.census.gov/programs-surveys/cps/techdocs/cpsmar18.pdf>.
Source: U.S. Census Bureau, Current Population Survey, 1960 to 2018 Annual Social and Economic Supplements.
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Income inequality across races

U.S. Census Bureau Income and Poverty in the United States: 2017 5

or single-race concept) or as those who 
reported Asian regardless of whether they 
also reported another race (the race-alone-
or-in-combination concept). The body of 
this report (text, figures, and tables) shows 
data using the first approach (race alone). 
The appendix tables show data using both 
approaches. Use of the single-race popula-
tion does not imply that it is the preferred 
method of presenting or analyzing data. The 
Census Bureau uses a variety of approaches.

In this report, the terms “White, not 
Hispanic” and “non-Hispanic White” are 
used interchangeably and refer to people 
who are not Hispanic and who reported 
White and no other race. The Census 
Bureau uses non-Hispanic Whites as the 
comparison group for other race groups 
and Hispanics.

Since Hispanics may be any race, data 
in this report for Hispanics overlap with 
data for race groups. Being Hispanic was 
reported by 15.4 percent of White house-
holders who reported only one race, 4.8 
percent of Black householders who reported 
only one race, and 2.2 percent of Asian 
householders who reported only one race.

Data users should exercise caution 
when interpreting aggregate results for 
the Hispanic population or for race groups 

non-Hispanic White and Hispanic-
origin households increased 2.6 
percent and 3.7 percent, respec-
tively. The 2017 real median 
incomes of Black and Asian 
households were not statistically 
different from their 2016 medi-
ans (Table 1 and Figure 1).14 This 
is the third consecutive annual 

because these populations consist of many 
distinct groups that differ in socioeconomic 
characteristics, culture, and nativity. Data 
were first collected for Hispanics in 1972 
and for Asians and Pacific Islanders in 1987. 
For further information, see <www.census 
.gov/programs-surveys/cps.html>.

14 The differences between the 2016–
2017 percentage changes in median income 
for non-Hispanic White (2.6 percent), Black 
(–0.2 percent), and Hispanic (3.7 percent) 
households were not statistically signifi-
cant. The difference between the 2016–2017 
percentage changes in median income 
for Black (–0.2 percent) and Asian (–2.2 
percent) households were not statistically 
significant.

increase in median household 
income for both non-Hispanic 
White and Hispanic-origin house-
holds. Among the race groups, 
Asian households had the highest 
median income in 2017 ($81,331).15

The real median income of differ-
ent groups can be compared by 
calculating the ratio of the median 
income of a specific group to the 

15 The small sample size of the Asian 
population and the fact that the CPS ASEC 
does not use separate population controls 
for weighting the Asian sample to national 
totals contribute to the large variances 
surrounding estimates for this group. As 
a result, we are unable to detect statisti-
cally significant year-to-year differences 
between some estimates for the Asian 
population. The American Community 
Survey (ACS), based on a much larger 
sample of the population, is a better source 
for estimating and identifying changes for 
small subgroups of the population.

Figure 1.
Real Median Household Income by Race and Hispanic Origin: 1967 to 2017

Note: The data for 2013 and beyond reflect the implementation of the redesigned income questions. The data points are placed 
at the midpoints of the respective years. Median household income data are not available prior to 1967. For information on 
recessions, see Appendix A. For information on confidentiality protection, sampling error, nonsampling error, and definitions, 
see <www2.census.gov/programs-surveys/cps/techdocs/cpsmar18.pdf>.
Source: U.S. Census Bureau, Current Population Survey, 1968 to 2018 Annual Social and Economic Supplements.
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Income inequality across sexes
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between 2016 and 2017.32 The 
share of aggregate household 
income in the top 5 percent 
decreased 2.4 percent between 
2016 and 2017; this is the first 
annual decrease in the share of 
aggregate income in the top 5 
percent since 2010. Table A-3 
shows equivalence-adjusted mea-
sures of the income distribution as 
well as the Gini index, MLD, Theil 
index, and Atkinson measures for 
income years 1967 to 2017.

32 For the share of aggregate income in 
the fourth quintile, the difference between 
the 2015–2016 percent change and the 
2016–2017 percent change was not statisti-
cally significant.

Earnings and Work Experience33  

The 2017 real median earnings 
of all male workers increased 3.0 
percent from 2016 to $44,408, 

33 Earnings are the sum of wage and 
salary income and nonfarm and farm 
self-employment income (gross receipts 
expenses). In 2017, 79 percent of aggregate 
income came from earnings. In this section, 
all workers includes people 15 years and 
older with earnings who, during the preced-
ing calendar year worked on a part-time 
or full-time basis. A full-time, year-round 
worker is a person who worked at least 35 
hours per week (full-time) and at least 50 
weeks during the previous calendar year 
(year-round). For school personnel, sum-
mer vacation is counted as weeks worked 
if they are scheduled to return to their job 
in the fall. For detailed information on work 
experience, see Table PINC-05, “Work 
Experience in 2017—People 15 Years Old 
and Over by Total Money Earnings in 2017, 
Age, Race, Hispanic Origin, and Sex” at 
<www.census.gov/data/tables/time-series 
/demo/income-poverty/cps-pinc/pinc-05 
.html>. 

while the change in median earn-
ings for their female counterparts 
($31,610) were not statistically 
different from the 2016 estimate 
(Table 1). In 2017, the real median 
earnings of men ($52,146) and 
women ($41,977) who worked full-
time, year-round each decreased 
from their respective 2016 medi-
ans by 1.1 percent (Table 1 and 
Figure 2).34, 35   

34 For more detailed information on 
the relationship between earnings and 
household income, see “Understanding 
the Relationship Between Individual 
Earnings and Household Income” at 
<www.census.gov/newsroom/blogs 
/random-samplings/2017/11 
/earnings-income.html>.

35 The difference between the 2016–2017 
percentage change in median earnings for 
men and women working full-time, year-
round was not statistically significant.
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Figure 2.
Female-to-Male Earnings Ratio and Median Earnings of Full-Time, Year-Round Workers
15 Years and Older by Sex: 1960 to 2017

Note: The data for 2013 and beyond reflect the implementation of the redesigned income questions. The data points are placed 
at the midpoints of the respective years. Data on earnings of full-time, year-round workers are not readily available before 1960. 
For information on recessions, see Appendix A. For information on confidentiality protection, sampling error, nonsampling error, 
and definitions, see <www2.census.gov/programs-surveys/cps/techdocs/cpsmar18.pdf>.
Source: U.S. Census Bureau, Current Population Survey, 1961 to 2018 Annual Social and Economic Supplements.
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Inequality in consumption expenditures
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Inequality in wealth

Table 4: Shares in aggregate income and wealth

Income Wealth

1950 1971 1989 2007 2016 1950 1971 1989 2007 2016

bottom 50% 21.6 21.6 16.2 15.4 14.5 3.0 3.0 2.9 2.5 1.2

0%- 25% 6.1 6.2 5.0 4.5 4.5 -0.1 -0.2 -0.1 -0.1 -0.4

25%-50% 15.5 15.4 11.3 11.0 10.1 3.1 3.2 3.0 2.6 1.6

50%-90% 43.9 47.7 43.8 40.3 37.9 24.7 26.3 29.5 26.0 21.5

50%-75% 23.5 24.9 22.5 20.3 18.4 9.8 10.5 11.7 10.2 7.2

75%-90% 20.4 22.8 21.4 20.0 19.5 14.8 15.8 17.8 15.8 14.3

top 10% 34.5 30.7 39.9 44.3 47.6 72.3 70.7 67.6 71.5 77.4

the income distribution, middle-class households managed to maintain their wealth shares
until the mid-2000s. The 50%-90% wealth share was higher in 2007 than in 1950, and only
slightly lower than in 1989. It is equally clear that the financial crisis had a substantial effect
on the wealth distribution. Middle-class wealth shares collapsed across the board, while the
wealth share of the top 10% surged by 6 percentage points within less than a decade. In
the HSCF data, the decade since the financial crises witnessed the largest spike in wealth
concentration in postwar America.
To sum up, Table 4 shows that income concentration at the top rose strongly from 1970 to
1990 and has kept increasing since. By contrast, the wealth share of the bottom 90% rose
until 1990 and fell markedly only after the 2008 financial crisis. The overall outcome was a
more pronounced shift in the income distribution than in the wealth distribution since the
1970s. We return to this important fact in section 4.

3.3 Demographic change

What were the effects of secular changes in terms of educational attainment, age structure,
and household size of the U.S. population on income and wealth inequality? Using the
demographic information in the HSCF, we can disentangle these effects. We implement

22

90% of households. The overall income Gini has risen from its postwar low of 0.43 in 1971
to 0.58 in 2016. Unsurprisingly, there is a substantial drop in inequality once the top 1% of
the distribution is excluded, but the increase in the Gini coefficient among the bottom 99%
is still substantial. Also, within the bottom 90% income inequality has widened, yet this has
mainly occurred between 1971 and 1989. The rise in inequality in the past three decades
has played out mainly at the very top of the income distribution.
Turning to wealth, it is well known that wealth is considerably more unequally distributed
than income. The wealth Gini has fluctuated around 0.8 for most of the postwar period. It
is also apparent that the Gini for wealth did not change much, if at all, between 1950 and
2007. By 2007, it stood at 0.82 and was only marginally higher than in both 1950 and 1971.
However, the Gini coefficient increased substantially between 2007 and 2016.
Figure 5 shows the Gini coefficients together with 90% confidence intervals.20 The Gini
coefficients are tightly estimated, although the confidence bands are somewhat wider in the
historical data. The observed long-run trends are clearly statistically significant. America is
considerably more unequal today than it was in the 1970s, with respect to both income and
wealth.

Figure 5: Gini coefficients with confidence bands
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bands are shown as gray areas, and point estimates are connected by lines. Confidence bands are boot-
strapped using 999 different replicate weights constructed from a geographically stratified sample of the final
dataset.

20All confidence bands are computed using 999 replicate sample weights. Replicate weights are provided
for the modern SCF surveys after 1983. For the historical surveys, we construct comparable 999 replicate
weights. We compute sample weights for each draw of a geographically stratified sample from the final data
after imputations and adjustments.

19
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The persistence of Income Inequality

IV.8. INTERGENERATIONAL MOBILITY: DOES IT OFFSET OR REINFORCE INCOME INEQUALITY?

GROWING UNEQUAL? – ISBN 978-92-64-04418-0 – © OECD 2008 205

Intergenerational transmission of income

What do we know about the intergenerational transmission of income?

Intergenerational income mobility is commonly measured by the fraction of relative

income differences between all adults at a point in time that is transmitted to their offspring:

the higher this fraction (or elasticity), the lower is intergenerational income mobility. Most

studies have focused on the earnings of fathers and sons, as family income is harder to measure

and more complex to interpret. Fewer studies have considered transmission of earnings

differences between fathers and daughters, despite the increasing educational attainment

and participation in the labour market of recent cohorts of women.3

In general, the available evidence suggests that income from work – but also from

assets and welfare – persists across generations. It also suggests that disadvantage tends

to persist in vulnerable households. A disadvantaged family background – for example, in

terms of low education, poor health, lone parenthood or non-employment – tends to boost

the persistence of poverty. Similarly, growing up in areas characterised by a high

concentration of poverty might also contribute to intergenerational poverty, long-term

welfare dependency, crime victimisation, and family breakdowns.4

Intergenerational earnings mobility varies significantly across OECD countries: for

example, less than 20% of the differences in parental earnings are passed on to the

children in some of the Nordic countries, as well as in Australia and Canada, as compared

to between 40 and 50% in some other countries, including Italy, the United Kingdom and

the United States (Figure 8.1). In these latter countries, parents determine the success or

failure of their offspring to a greater extent than in others, either directly (through

intergenerational transfers of money, or extra investment in the success of their children)

or indirectly (through living in a good neighbourhood or having a particular ethnic origin).

Keeping things very simple, an elasticity value of 0.50 – as in Italy or the United Kingdom –

implies that 50% of the relative difference in parental earnings is transmitted, on average,

to their children. An elasticity of 0.15 (as in Denmark) implies that only 15% of the

Figure 8.1. Estimates of the intergenerational earnings elasticity
for selected OECD countries

1 2 http://dx.doi.org/10.1787/423132685118
Note: The height of each bar represents the best point estimate of the intergenerational earnings elasticity resulting
from the meta-analysis carried out by Corak (2006), integrated with estimates from national studies for a few
countries. Higher parameters indicate a higher persistence of earnings across generations (i.e. lower
intergenerational mobility). 

Source: D’Addio (2007) based on Corak (2006) for all countries except Italy, Spain and Australia. For these latter
countries, estimates are from Leigh (2006) for Australia; Hugalde Sanchèz (2004) for Spain; and Piraino (2006) for Italy.
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Health Inequality

• In 1980 Life expectancy at age 25 for male was about 72 yrs

• A study in 1990 analyzed mortality of 1.3 Americans and linked it to
their income (Million deaths study)

• Poor males (less than $5000): life expectancy 68 yrs
• Non-Poor males (more than $5000): life expectancy 78 yrs
• Confirmed in recent studies on deaths of despair
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Grade Inequality

• The average GPA in economics at Georgia Tech in Spring 2007 was 2.97
• About 10% of the student got a grade of D or below
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Inequality is a double edge sword

• Why is inequality bad?
• Concavity, i.e. bad things hurt us more than good things help us. The

loss of having a child going from well fed to starvation, is much larger
than the gain of driving a fancy car v/s regular car

• Too much concentration of resources in few hands might lead to
monopoly power and inefficient outcomes

• Mis-allocation of resources: suppose smart children are born poor and
cannot go to school. Waste of talent

• Why is inequality good?
• Incentives. Grade inequality. How the pie is divided affects the size of

the pie.
• Does the US have too much inequality?
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Inequality in the OECD
I.1. THE DISTRIBUTION OF HOUSEHOLD INCOME IN OECD COUNTRIES: WHAT ARE ITS MAIN FEATURES?

GROWING UNEQUAL? – ISBN 978-92-64-044180-0 – © OECD 2008 25

While all groupings of countries into more homogeneous clusters have a degree of

arbitrariness, Figure 1.1 allows distinguishing among five groups of countries.

● At the left end of the chart are Denmark and Sweden, with Gini coefficient values of

around 0.23, i.e. below the OECD average by more than 0.07 point (25%). This group of

countries is characterised by “very low” income disparities.

● A second group includes countries with Gini coefficients that fall below the OECD

average by a lesser extent. These are (in increasing order of the Gini coefficient)

Luxembourg, Austria, the Czech and Slovak republics, Finland, the Netherlands,

Belgium, Switzerland, Norway, Iceland, France, Hungary, Germany and Australia, all

countries with Gini coefficients between 0.26 and around 0.30, i.e. falling below the OECD

average by between 17% and 3%.

● A third group includes countries with Gini coefficients that are above the OECD average,

although not much higher than those in the second group. These include Korea, Canada,

Spain, Japan, Greece, Ireland, New Zealand and the United Kingdom – all countries with

Gini coefficients between 0.31 and 0.34, i.e. exceeding the OECD average by up to

0.25 point (between 1% and 8%).

● A forth group includes Italy, Poland, the United States and Portugal, with Gini coefficients

exceeding the OECD average by between 0.04 and 0.07 point (from 13% to 24%). 

● At the upper end of the figure are Turkey and Mexico, which stand out for their very high

level of income inequality (38% and 52% above the OECD average), although this is true

today to a lesser extent than in the past.

The Gini coefficient is only one among many summary indexes of the underlying

distribution. Because different summary indexes are especially sensitive to different parts

of the Lorenz curve, the country-ranking may partly depend on the specific inequality

measure used. Table 1.A2.2 shows how four other summary measures of income inequality

compare to the Gini coefficient. Overall, these different measures tell a consistent story:

cross-country correlations between different inequality measures and the Gini coefficient

Figure 1.1. Gini coefficients of income inequality in OECD countries, mid-2000s

1 2 http://dx.doi.org/10.1787/420515624534
Note: Countries are ranked, from left to right, in increasing order in the Gini coefficient. The income concept used is
that of disposable household income in cash, adjusted for household size with an elasticity of 0.5.

Source: OECD income distribution questionnaire.
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US Earnings Distribution: 1967-2017
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Main Features

• Widening dispersion, at both the top and the bottom

• Increase at the top: steady

• Increase at the bottom: cyclical

• Inequality at the bottom increases sharply in recession, only partially
recovers in expansions

19



Inequality at the Bottom: 1967-2017
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The Tale of the Tails
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Intensive and Extensive Margins at the Bottom
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Summary

• At the top: growth in earnings all driven by wages (weeks flat)

• In the middle: weeks and wages both flat

• At the bottom: large decline in weeks (mostly extensive margin), small
decline in wages (conditional on working)
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Inequality and Non-Employment
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Dynamics of Bottom Earnings Inequality

Trend Recessions
Non-employment Goes up Goes up

⇓ ⇓
Earnings of bottom 20% Goes down Goes down

⇓ ⇓
Inequality at the bottom (50/20) Goes up Goes up

• Two interpretations:
1. Recessions increases inequality, and long run increase is cumulative effect

of series of recessions
2. Inequality on a secular upward trend, and business cycles just generate

fluctuations around this trend

• Data alone cannot differentiate between these interpretations: need a
model!
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A Theory of a “Double Whammy”

• Recessions are times when lots of workers lose their jobs

• With their jobs, they lose skills (scarring)

• Job/skill loss disproportionately impacts low-skilled workers, who may
already be marginal labor market participants

• In recoveries most jobs/skills slowly return, unless...

• Recession happens against backdrop of trend decline in low skill wages
relative to “value of leisure”

• In which case, lost low skill jobs might never come back
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Answers

• Recessions (through scarring) have had an important effect on the
increase in inequality at the bottom of the income distribution and on
the increase in non-employment of men

• But recessions alone would have had much smaller impact on inequality
and non employment

• Combination of recessions and increase in secular inequality have acted
as "double whammy" on the bottom half of the distribution and jointly
account for the increase in inequality and non employment
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Policy Takeaways

• Recessions have very persistent impacts on non-employment and
inequality

• These costs of recessions have likely increased over time because of
background upward trend in wage inequality

• Big gains from prolonged economic expansions – skill gains during
employment reduce risk of long-run non-employment
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Conclusions

• Inequality is a controversial topic
• Inequality research is fascinating as it ultimately leads to the design of

better societies for us and our children!
• The Minneapolis Fed is at the forefront of this research
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